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AN ES(American National Election Studies)

Exhibit 1. Recurring question tooic list for the ANES Time Series

I. Partisanshio and attiludes towards parties
Feelings about parfies
Party identification
Closeness to parties
Party performance
Role of parties
II. Candidate and incumbent evaluations
Feeling thermometers
Candidate evaluations
Traits of president, candidates
Affect toward President, candidates
Evaluation of Congressional candidates
lIA. Performance evaluations,
Perfermance of current president
Retrospective avaluations
Other government performance
Cancidate performance
Congressional candidate performance
1IB. Contact with Congressional
candidates/incumbents
lll. Issues
Social welfare issues
Racial policy issues
Economic issues
Foreign relations
Social issues
Environment
Federal spendng
IV. Ideology and values
Religious values

V. System support
Trustin government
Power of the federal government
Efficacy and gov't responsiveness
Patrictism
Other system suppart
VI. Political participation and mobilization
A. Civic participation
E. Engagement and information
Interest
Discuss politics
Palitical knowledge
C. Campaign activity
Respondent’s campagn activity
Campaign contact/solicitation
D. Registration. turnout, vote choice
Pravious Presidential election
Vate intention
Turnout & registration
Vete choice
State primary/caucus
VII. Media
Use of media
VIII. Social groups
Group thermometers
Group identification and closeness
IX. Personal end demographic data
Education
Employment status
Religious identification

Moral Traditionalism Racelethnicity
Equalitarianism and race DOB

Social trust and altruism Mobility
Cogritive style Income

Other values and predispositions Social class

Other personal and demographic data

(labor union, home tenure, marital status, etc.) 27

Article
‘American Politics Research

- = . . . 3019, Vol 47(2) 238-245

‘* I\I I [ X=2 The Racial Implications & The Aushrty 2015
E S I-E - II‘E =20 A I'E“ of Voter Ildentification caepb oo gt

. . DOE 10.1177/1532673X 18810012

Laws in America iouralssagsput. combormeiapr

®SAGE

Matt A. Barreto', Stephen Nuiio?,
Gabriel R. Sanchez?, and Hannah L. Walker*

Abstract

Over 40 states have considered voter identification laws in recent years,
with several adopting laws requiring voters to show a valid ID before they
cast a ballot. We argue that such laws have a disenfranchising affect on racial
and ethnic minorities, who are less likely than Whites to possess a valid ID.
Leveraging a unique national dataset, we offer a comprehensive portrait of
who does and does not have access to a valid piece of voter identification.
We find clear evidence that people of color are less likely to have an ID.

 AM|: Barreto, Matt A., et al. "The
racial implications of voter

. . . . . n Moreover, these disparities persist after controlling for a host of relevan
identification laws in America. covariates, Spanes pers e * i
American Politics Research 47.2 Keywords

voter ID laws, racial and ethnic politics

(2019): 238-249.

Introduction

Early to voter i ification laws equated them with poll taxes,
given it costs money to obtain identification through the department of motor

"University of California, Los Angeles. USA
Northern Arizona University. Flagsafi, USA
University of New Mexico, Albuguerque, USA
*Rutgers University-New Brunswick, N, USA

Corresponding Author:

Hannah L Walker, Assistant Professor of Political Science, Rutgers University, 89 George

Streer, New Brunswick, NJ 08901-8554, USA. 28
Email: hiwalker@polisci rutgers. edu
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CCES(Cooperative Congressional Election Study)
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* https://cces.gov.harvard.edu/

« SHO|X|0M Xt CIR THs

29

CCES(cooperative Congressional Election Study)

£ 59 HOjUA

-2018: QIATEH(35%), ADIEE(56%), ES51(9%)

-2012: QIAZEH(90%)

. EYEES

- 0|00 * AH40|C|0] 0|8, ZH| F7t

- MEX|ES(FXIAL A, Z3|21H &) Bot

- At8| FLO|FH(E 7|1 H|, YASH, o|F S) Bt

« Xt2 && Atdl: What Do Swing Voters Think? Meet @American__Voter
https://www.nytimes.com/2020/01/20/opinion/twitter—-democratic-debate.htm|

30
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Who Punishes Extremist Nominees? Candidate Ideology and Turning
Out the Base in US Elections

ANDREW B. HALL  Sunford University

DANIEL M. THOMPSON  Stanford University

Pal[liwl observers, campaign experts, and academics alike argue bitterly over whether it is more

important for a party 1o capture ideologically moderale swing voters or [0 encourage urnout
among hardcore partisans. The behavioral literature in American politics suggests that voters are

not informed enough, and are 100 partisan, (o be swing voters, while the institutional literature suggests
that moderate candidates tend o perform better. We speak to this debate by examining the link benween
the ideology of congressional candidates and the turnout of their parties” bases in US House races, 2006-
2014, Combining a regression discontinuity design in close primary races with survey and administrative
data on individual voter turnaut, we find that extremist nominees —as measured by the mix of campaign
dtions they receive—suffer electorally, largely because they decrease their party’s share of turnout

in the general election, skewing the electorate towards their apponent’s party. The results help show how
the behavioral and institutional literatures can be connected. For our sample of elections, turnout appears
10 be the dominant force in determining election outcomes, but it advantages ideologically moderate can-

“The key data is this, and it's important to recmphasize

- At#): Hall, Andrew B., and Daniel M. o e S e

“compromising with the other sidc". What maticrs & furn-
ing out our voters. That's it. The Democrats win when we
fire up and turn out our base.”

—Blog post on Da

Thompson. "Who punishes

 Kos!

“Democrats cannot win elections without capturing the
votes of independent-minded swing voters™
—Commentary in the Wall Street Journal®

extremist nominees? Candidate

INTRODUCTION
Thé current state of American politics, charac-

ideology and turning out the base in

terized by high degrees of legislative polariza-
McCarty,

US elections." American Political
Science Review 112.3 (2018): 509-
h24.

tion, brinksmanship, and gridlock (e

Andrew B. Hall is an Assistant Professor in the Department of
Political Seience at Stanford University, Stanfond, CA 943056044
(andrewbe .

hall.com.
Dani

L Thompson is a PhD. Student in the Department
Science at Stanford University, Stanford. CA $4305-
Kinleyth Lcom). hup: i

mpson com.

For helpful discussion, the authors thank Avi Acharya, Bob Erik-
son Jim Fearon, Anthony Fowler, Stephen Pettigrew. Kevin Quinn
Ken Shos, Bead Spahn, Danielle Thomsen, and participants of the

didates because extremists appear to activate the opposing party’s base more than their own.

Poole, and Rosenthal 2006), has raised new questions
about the interplay of ideology and electoral success
in US elections. The study of candidate ideology and
electoral performance in US elections can be crudely
divided ures that seem at
odds with each other. On one side is what we might call
the institutional literature, which uses election data to
suggest that there is an electoral advantage for moder-
ate candidates (e.g.. Ansolabehere, Snyder. and Stew-

art 2001: Canes-Wrone, Brady, and Cogan 2002: Erik-
son 1971: Erikson and anht 2000; . This
literature is often associated with the idea that candi-

dates must appeal to “swing voters” to win office. On
the other side is what we might call the behavioral liter-
ature, which uses survey evidence to suggest that many
voters are uni and i

casting doubt on whelher swing voters are relevant or
whether they even existat all (e.g..Campbell et al. 1960;
Converse 1964; Lenz 2012; Miller and Stokes 1963)
“This latter literature is often associated with the idea
that turnout among the parties’ bases determines elec-
tion outcomes® In the strongest version of this claim_
voters are rigid s, “campaigns consist in large
part of reminding voters of their partisan identities—
“mobilizing’ them to support their group at the polls”
and more moderate candidates do no better than more

MIT American Politics Conference and the Emory Institutions and
Lawmakiag l.unlu\.m\ For data, the authors thank Shigeo Hirano
and Jim guidance using voter file data, the authors es-

e : Replication files are available at the American
Pl S Science Review Dataverse: hitps:idot org/10 701VDVN/

Received: May 18, 2017; revised: November
January 29, 2018. First published online

2017; acoepted
larch 7 2018,

! hupofiww d.u]yhk.um\ story A/ 14234071 CRUSH the-
GOP-dos
sot-to-dr

ause “election outcomes are es-
sentially random choices among the available parties™
(Achen and Bartels 2016, 311-312).

This disagreement rages on in the popular press. oo,
where pundits and campaign practitioners debate the
relative merits of hypothetical moderate candidates
who caplure swing voters or ideologically committed

* Hill (2016) is one interesting article st the intersection of these
literatures. The article combines administrative data on individual
voter turnout with preciact-level vote retums to estimate swing vot-
ing. Under the assumptions of the article's model. partisan turnout is

SES(Comparative Study of Electoral System)

SCSES

COMPARATIVE STUDY of ELECTORAL SYSTEMS

25 years of election studies * https://cses.ora/

32
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CSES(Comparative Study of Electoral System)
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CSES(Comparative Study of Electoral System)

AtH|) Canals & Aldecoa, 2019. "The Causes of Political Polarization"

Polarisation of the vote: political polarisation index *
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= American National Election Studies (ANES)
o M= Heo iEY HE

© O F/AN/AAT BRI 2M 20t

« Cooperative Congressional Election Study
(CCES)

- M Eelol By gE
- SIELPY 2 BES BHS0] YR F/A/MAT
o9 247158

VIANES |

American National Election Studies ]

Home / Data Center / 2012 Time Series Study

2012 Time Series Study

About the Dataset

DOWNLOAD DATA
Type of study: ANES Time Series Study
Please log in or register to download
data. Face-to-face sample:
« Sample universe: U.S. eligible voters (cross-section)
DATA ALERTS e Sample i all fresh i i ?ases: 2
* Number of waves: 2 (pre-election, post-election)
Updates & Errata * Modes used: face-to face; CASI
* Instrument format: tablet CAPI; tablet CASI
QUESTIONNAIRES « Number of dataset respondents: 2,054
Pre-election
. Internet sample:
Spanish Pre-election « Sample universe: U.S. eligible voters (cross-section)
Spanish Post-election B « Sample composition: internet panel group
IWR Dwelling Unit module ® o Number of waves: 4 (2 pre-election, 2 post-election)
Household Screener module * Modes used: internet

* Instrument format: web-based
CODEBOOKS « Number of dataset respondents: 3,860
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Cooperative Congressional
Election Study

Contact

cces

Explore  News FAQ  People Publications

CCES 2006-2018 WELCOME! !

Data/Guide
The CCES is a 50,000+ person national stratified sample survey administered by

‘YouGov. Half of the
50,000+ people, and half of the questionnaire consists of Team Content designed
by each individual participating team and asked of a subset of 1,000 people. In
addition, several teams may pool their resources to create Group Content.

CCES 2018 Data consists of Common Content asked of all (

CCES 2017 Data/Guide

CCES 2016 Data/Guide

The survey consists of two waves in election years. In the pre-election wave, («

CCES 2010-14 Panel Study 5 dents answer two-thirds of the questionnaire. This segment of the survey

T —— asks about general political attitudes, various demographic factors, assessment of (
roll call voting choices, political information, and vote intentions. The pre-election

CCES 2014 Data/Guide wave is in the field from late September to late October. In the post-election wave,
respondents answer the other third of the questionnaire, mostly consisting of
CCES 2013 Data/Guide items related to the election that just occurred. The post-election wave is ’
administered in November. ¢
CCES 2010-12 Panel Study

In non-election years, the survey consists of a single wave conducted in the fall.
CCES 2012 Data/Guide

Brace, P., Sims-
Butler, K.,
Arceneaux, K., &
Johnson, M. (2002).
Public opinion in the
American states:

Public Opinion in the American States:
New Perspectives Using National Survey Data

Paul Brace Rice University

Kellie Sims-Butler Pennysylvania State University
Kevin Arceneaux Rice University

Martin Johnson Rice University

New perspectives
using national
survey

data. American
Journal of Political
Science, 173-189.

General measures of ideology and
partisanship derived from natonal
survey data concatenated (o the state
level have been extremely important
in understanding policy and political
processes in the states. However,
due to the lack of uniform survey data
covering a broad array of survey
‘questions, we know little about how
specific state-level opinion relates to
specific policies or processes. Using
the General Social Survey (GSS)
disaggregated to the state level, we
develop and rigorously test specific
measures of state-level opinion on
tolerance, racial integration, abortion,
religiosity. homosexualiy, feminism,
capital punishment, weltare, and the
environment. To iustrate the utiity of
these measures, we compare the
explanatory power of each 1o that of a
igeology measure. We use a
'simulation to clarify conditions under
‘which a national sample frame
‘can produce representative state

theorists and has preoccupied students of state government and

politics for years, Without survey data at the state level, pioneering
studies employed surrogates derived from demographic variables or simu-
lations to judge the responsiveness of state policymaking to public prefer-
ences (Plotnick and Winters 1985; Weber and Shaffer 1972). Some inge-
nious studies also explore the causes and consequences of public opinion
using national survey data disaggregated to subnational units (Gibson
1989, 1992, 1995; Miller and Stokes 1963; Norrander 2000).

Wright, Erikson, and Mclver’s research (1985) significantly advanced
our understanding of the state public opinion and policy linkage by pool-
ing 1976 through 1988 CBS/New York Times polls and disaggregating
them to the state level to create reliable, stable, and valid measures of state
ideology and partisanship (Erikson, Wright, and Mclver 1993). A host of
influential studies employ the res (e.g., Hill and Hi Ande
1995) to illustrate fndamental linkages between general mass political at-
titudes and the general choices of state policy makers. Yet, they represent
only a first step in gauging the effects of opinion on state policy. The gen-
eral nature of the ideology measure developed by Erikson, Wright, and
Mclver leaves open many remaining questions about how specific attitudes
may influence specific political outcomes and processes in the states.

T he public opinion-policy linkage is a crucial topic for democratic

Paul Brace is Clarence L. Carter Professor of Political Science, Rice University,
Main St Houston, Texas 77005 (pbrace@rice.edu). Kellie Sims-Butler is Assistant Pro-

samples. We offer [
‘advance the study of the role public
opinion plays in state politics and
policy.

fessor of Pennsylvania State University, 107 Burrowes Building, Uni-
versity Park, PA 16802 (nycolle@rice.edu). Kevin Arceneaux is a Doctoral Candidate in
e, Rice University, 6100 Main St Houston, Texas 77005
(kevina@rice.cdu). Martin Johnson is a Doctoral Candidate in Political Science, Rice
University 6100 Main St. Houston, Texas 77005 {pressley@rice.edu).
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Political Psychology

Political Psychology, Vol. 38, No. 6, 2017
doi: 10.1111/pops.12403

Perceived Conflict and Leader Dominance: Individual and
Contextual Factors Behind Preferences for Dominant Leaders

Lasse Laustsen
Aarhus University, Denmark

Michael Bang Petersen
Aarhus University, Denmark

Recent research finds that political candidates and leaders with dominant, masculine physical features are

more preferred under conditions of conflict than of cooperation.

Importantly, however, methodological

limitations of past research have hindered the identification of whether this effect reflects that voters intuitively

view (1) dominant leaders as more competent in solving problems of conflict, (2) nondominant leaders as more
competent in solving problems of cooperation, or (3) both. In this article, we utilize recent advances in
evolutionary psychology to form precise predictions on the nature of the underlying psychology and employ an
unprecedented array of data types—including highly controlled experiments, natural experiments, and
behavioral measures—to investigate the validity of these predictions. Using large approximately nationally
representative surveys of 2,009 Poles and Ukrainians fielded during the Crimea crisis in 2014, we find that
preferences for leader dominance are exclusively driven by the intuition that dominant leaders are better able
to facilitate aggressive responses during social conflict and that these preferences are regulated by contextual

conditions and individual predispositions related to such responses.
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Panel Data vs. Time—Series Cross—Sectional Data

e Panel Data

- WA 7F Zar, A7 (o) 7 WhR] e
- HEALD Al A SHEHAE e T AIA M, AA & A

e Time—Series Cross—Sectional Data

- ARFO7 B (5 010)

_ oE49] of: OCDE 4/HE-2 tlo 2 3 1l=50] 722} GDP go]e)
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Panel Data vs. Pooled Cross—Sectional Data

e Panel Data ( + Time—Series Cross—Sectional Data)
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EgSol MAE SR Az AuEA] dett Az =1

SE=SE append (row= H|°|EE F7})
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MAXR

2EAH

I(DJ'J':I/\

N

9 dlo]g FX: wide shape

- WA

- id: A (EHAE)

- inc: 20158-2018 2] 7HQ1 &5 — AW ¥4=(time—varying variable)

— training: 20159-201839] A T A 4= — A|¥ ¥H=(time—varying variable)
- male: SEA A (FA4 or 4A) — A|l&H¥ HS=(time—invariant variable)

« A& HSES merge 5] wide shape®] FHIE 71 shte] HiolEAl o & 5

id inc2015 inc2016 inc2017 inc2018 training2015 training2016 training2017 training2018 male

1 200 200 207 210 10 1 12 13 1

2 300 320 320 330 10 10 il 1 1

3 300 305 330 320 7 8 9 10 0

4 200 220 230 280 12 13 13 13 1

5 400 430 430 450 12 12 12 13 0

6 150 170 200 210 5 6 7 8 0

7 500 510 520 530 12 13 14 15 0

8 300 310 330 360 10 il " 12 1

9 200 250 260 260 8 9 10 11 1

10 200 200 200 220 8 8 9 10 0
9

KOJJ j/\

d 2 A4 8 F B X =2

9 dlo]e X! long shape

« ZANHWOE= inc H442} training 57} Sht

-(—)—] —E‘/—\j' ]:’]_-’?’]7]' E]Ej—‘?—_? long Shape_g_i tﬂ%‘ id year inc training | male

1 2015 | 200 10 1

1 2016 | 200 11 1

o 1 2017 | 207 12 1

. 9] 75]—!‘, no| 482 F7} 1 2018 210 13 1
2 2015 | 300 10 1

2 2016 | 320 10 1

¢ WA BRY FR: AR A0 e
~ 7} B4 9907} o @ AR ol EeHnested)H [ won [0 |7 |
- 3 2016 | 305 8 0

A #A]:id H 3 2017 | 330 9 0

- PY o] 2AbE glolE 1A EAL: year WS I N
4 2015 | 200 12 1

4 2016 | 220 13 1

. . . 4 2017 | 230 13 1

A (time—varying) ¥4= vs. A= (time— s | oo | a0 | 13 |
: : 2 5 2015 | 400 12 0
?nvarlant) ]ﬁ—r i . 5 2016 | 430 12 0

~ inc W59} training W= ] ZRAI() ol Al 7k s [aom [ 40 | 2 | o
o] W8}t — time-varying 5 2018 | 450 13 0

- male W= shE] A (G) Woll A gto] =9 —
time—invariant 10
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KOSSDAH|0|E| T[] 4HXI= 2| Ofaiet EE

SERE R P R

KOS IA

SHEH 7|2 2
yi= «a +,Bxl + &;

xS

. A~
-l g

- g0 LA AWl whet MRS 7HI

- yi- FEES A whet MRS 7.
S A O] wEt MEe 7RI,

- B BlFIAIS x ?F ©ele] R} 7P o= yof HiehE
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HUHAZ 2EA

KOJSIA

g IR 72 B

Vie = a+ fxi; + &

WA 2F AZHE) o whet H

- B 2 AAIS. x oF E9 9] sl 7 o=
- g QA ANA D2 Aol Wt HES

_{l’\_
2. MA@ AZHRo] et Mg 77,

o 7pnt,

yo] w5}
1=t

g 9HEY 7S B

ZA O~
- yl ._L.Eﬂ_]_
2~
- xppt EYWS

- a A

- B 3AAS. X

Vit = a+ Bxi + &
= yir = a+ Pxi+u; +e;

AA @D 2F AZHO o vt
WA @ eF AZHO A whet

e 7}
& 7Hl

3t kol o] Msr} 1A 9 = yol Hsler

e QARG A AZHO ke WS A,

- ut JHAO7F 7H A= B4 4, S WA W= A] 9k o] A4 (unit—specific unobserved

heterogeneity)&

- ey we A2 LA g FOlA A D eE AZHO A Wt HEE Al FER

Uehie oA A\7k] wet wskelA orech

A.

mlo

A

A
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KOSSDAH|0|E| T[] 4HXI= 2| Ofaiet EE

IO AN
“]_m]é” ﬂ:ﬂ—ﬁ_‘]—ﬂ 7]% E-‘—é—é
Vit = «& + ﬁxl’t + Uj + €it
- sai}(ela = A 58 @) + 722 ey)
« u;~(0,04), e;~(0,67), cov(u;ey) =0, cov(ey,e;) =0

ZFA W Between Effect, Fixed Effect, Random Effect
5ol A BUEDE Al B g ol
=z .. O

within— group FAHOoE 7\1] 74)&_0__?';%1, %%—7}—72?} %k(unbiased
estlmator)O] =
o Gt FAE tE SHE St HEE AR

A7 #d dglolg o] £
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HARZ EA

KOJSIA

B2 oHAS W= ofef, | A o] §H5A AR mEpAl 1) ¢

= | B= W7t AR o2 A7 Bk (o EAI
2012 TAF ZAOIA S B D4 W=7} 22, 5AF, TAbORE 2AD)
=52 FH (attrition) o] FA|7F =7} Hlo[H it A,

= XAl o9 sEAERte FREE 540 Wd 5 Sl
O ZHPE w2 ol50] Bot 52 SHE — IS55E =2 ©
50| WA o8 Hop WA — wfid ZARe] Fafgro] Wt 1WA
vhAenz, durdom wfd Holy 24 A85= FE &2
RE FEFR t5 7|2 Wste MEgs o8t +4)= @
A7 EE gl

AAs o]y Z4EH 20
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KOSSDAH|0|E| T[] 4HXI= 2| Ofaiet EE

KOJSIA

A7 sddoly ZAYH
« T HlolE & ARESHATE A 2= P Sl AEAS 3
 Error Component Model: BE, FE, RE. £35] FE
« Lagged Dependent Variable Model

AATE Hloly &4 == YAl

20

- 52 —



MARIE SEAL

KOJJ ION

L

g o % x 2 @

[l

o ﬂ‘ﬂ""

oE

A
F—c:,—_}_;ll_z o]-_g]EI_J A12E Al1S.

o glo]gl: EAI 2012 &4/ ufjd Z A} o] qi;,Lg,} L

ol 5

L oAl

L2013, “TA et AYFRERSS] Ao

A A18T) oA Al A

oq] THE 7]!3)4 =2 UelE

E T
I

3
T

3 51

ol

oy,

o i e o 5 W o

| 2~E] 3] )54 (multinomial logistic

. B4 R 22 8HEA, OLS 8 ARA

. F9 g 20124 thEHAANA Fre Tt a>| Fgulglck. Sl

ERd5e9 A%

1.0 Az
e

=1, 7|ek=0;
7P EE el tig b S5l
2l AT v %
B B e I e B e e
-2 gl B

dq) ofib vt Ao ol

o

it 1= %%
A=

w5 e, 5 = g Foleh,

=1, 7|} =0),

o]yl BA(0~10),

i

1, 7[ek=0), 444

3l
S|

1.z) Z o)

1

=20t o|al, 6=6="1] o]2h,
:tﬂ*—HHiP i=tE o), A&

At 1A% = PA -5 1=
AAGFORTEIF = 1, 7TEF = 05 VISR
AR2-6:

21

KDJ'J'j/\

AW, 2013, "SI et FFFESES] A 9H

r=ggete|n, A12d A1z

e = s
Mralg LFsEE Mg oIFssE
g el 2 =4 3 2dl 4
=7HEH| 0.86" 0.09 0.57 0.53
(0.08) (0.07) ©.30) (0.29)
= -0.22 0.05 0.31 -0.06
(0.13) (0.12) (0.43) (0.41)
o™ 0.46%* -0.10* 0.33 0.04
0.05) (0.05) ©.18) (0.18)
WSSE 0,26" 0,06 0,01 -0.30
0.07) (0.06) ©.22) (0.21)
oy H4A 0,44 0,25 011 -0,25%
(0.033) (0.03) ©.12) 0.11)
k=t -0.44 0.48™
©0,23) (0.20)
odit 0.52 0.45"
(0.15) (0.13)
Al 0.70 6.81% 095 6,15
(0.41) (0.36) (1.29) (1.24)
R2 0.36 0.10 0,11 0,08
SR 1,301 1,296 120 120
Saghe] S Hx }"'p<001 ** 0.0
ARFAPEAL 2012 FA/HAHEZ=AKTAD

ERE ] B
=} ”
g A)18Th A A B4,
@& 5) 2rilerS Fmoielsl 37 B ANSEEBLY
o I (@A EC () HIEAN | SEHERY
38y - u2s| erEE 4438 U3
EER o8 2 59 3 2% 4 =9 5 28 6
=71AH| 0.36" -0.02 0.30 0.18 031" 0.40
(0.15) (0.13) (0.57) (0.40) 0.14) 0.45)
Ms2let &K | 0760 0.06 0.60 0.18 0.80% 0.63*
0.06) (0.21) (0,12) (0.06) (0,19)
QIFSEY XXl 055 -0.47 -0.24 065" -0.73%
0.06) (©.21) 0.13) (0.06) .21
A 0.19 -1.18 -1.35* -0.20 -0.98
©.22) (0.89) (0,60) (0.20) (0,66)
oy 0,14 0,34 0,26 0,10 0,16
0.09) (0.33) ©.21) (0.08) ©.27)
WEFFE 0.15 0.92% 0.68" 0.14 0.06
0.11) (0.45) ©.29) (0.11) 0.33)
o= 244 0,18 0,34 0,13 0,22 0,28
0.06) (0.22) 0.13) (0.06) .19
g 1160 0,91
(0.44) (0.3%)
oiet 0.04 0.22
©.25) (0.24)
o5 2,42 139" -3.80 0.28 234 -1.83
0.79) (0.65) 2749 1.75) 0.74) @07
Log likelihood -1021.63 -88.29 605,64 -68.99
LR chi2(18) 733.54 38.36 756,18 35.08
Prob ) chi2 0.00 0,01 0.00 0,03
Pseudo R2 0.26 0.18 0.36 0.20
=R 1066 92 1028 98
22
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KOSSDAH[O|Ef HI0{ MHAt= 2| OfsHet &

KOJJ ION

@ 3 A o @ owox o2 o

P 3FEA: oA

FApSlTetA T, A2 AT

« HloE: EAI 2017 thAl APA/AE ZAL

o4, 2013, “BA AZ 7t FHA A= nj= G2 M3k A19d o

T3 AAS FHLER"

=1, 7]E]-=0; =1,

e 2] oJFke

3
s, e Sl ) 2

vE Ao P gPasa

. 24 29 gRAAY s o) e FRAYRUAN] ThYLE TES Faolu]. o)l AAdIN Ak
. & ~ 7= 2= = = REs . = - . . .
a8 _ _ o] 531§ 1_1'6“ FHE 7| HHEE R~ 32]4']—.'_-'7’-‘1(mulun()lmzll logistic
- APAEAL AR ERAL TR 299 TRt A A . -
g 3EAS 79 regression) 0] SHE-1 I}, Sl ]H 1AE =7 AA R 7H1~5 1=
- SR A= gle], of' Ao tfet A= we w5 = v Eolddrh). 2 =1, 7]g} = 0; VIFEFHG
7] Hof Bk AN RS wAE I Rk}, 5 = vl Fokdlch), ARG 1€} TE3
CJE 301 0 AD 4 et =1, 716} =0, O MEO-10), A6 2= 206 o, 6= 6= 71 o,
FEFS A= AE 4 TG (s | = o= O]}, 2 = w1 = oAk ol(a1}
WEHGE(1~4 1= 5% o]s}, 2= 11 oigkAle, 4 =ulE o)), Ad(Ed

Fol EghEdek =
{}]1 A«'lo" 78]2-]
i 99

= ot o]

=k, i, o,

Yrdols S
23

I(fojA

ERE ] B

o]+, 2013, “FA A5/t THAF Ao L
FALS) et Ty A244E A3T.

o] Hish: A9 HiEY AAE SHLe="

mo) %’ﬂ*i
ed Hausman

N
2 E
ol = < 0.10. TTA ( lepent ence of Irrelex ant —\hermm es) B 2E(Suest
test) 2 2 7k F2 7

<E 2> 39 Az T2 A7 (FAZAD <% 3> 34 Az} Fu 28 (152
Ly FEE R fedd Cex] 7Iek W 2z A% ) ERE] 71eh
243+ 0.77+ 0.75+
e (0.79) (0.25) (’oofﬂ‘) (’()Of_’,(’) (0.34) . (10' ‘jq) 031 0.20 0.04 0.03
[1L45] [2.16] - - [2.12] = 1 (0.26) (034) (0:39) (0.70)
os -1.07¢ ~1.05+ Coss —0.61¢ . s .
A5G o (0.22) (042) o (0.30) 026 ~076+ ~061+ 03 006
0 [0.34] [034] 0 (053] sl (033) (029 (00 (021 (059)
3. ~0.89+ Z919s o _10e [0.46] [054]
22/7 o1 —0.24 39) —l4l+ —0.84x —L15+ _ —1.58+
#7473 043) (0:24) (052) (0.32) _
o 10.32] (0a1) o1 (042) 1035] =533 (033) 024) (032 (0053) 067
., [0.24] [0.42] [031] - 10.20]
. 0.02 s 0.64 0.38 —0.21 —0.88+ —0.40+
27)/4 .80 L2 - o
vz ©39) ©2) a0 3D 247 ‘ 5 011 015 -016
[05] 2/4% (033) (024) e
: N (031 (0.33) (057)
—2.24¢ —133¢ oal o0 13 [041] [0.60]
Lal 2k 5. 5 - =% 5 — o _
ez (0.51) (O.fa) 074 (383.34) (0_21) 2,00+ 1.03 ooe on 3,10+
[0.10] [0.25] [0.26] Qad (048) (0.49) . 5 074)
028 o o (069) (0.84)
000 o1 000 00t 10051 10351 10041
ond (0.08) ot o : o
e (0.05) (.11 (0.00) 0.07) =7h M
=7} M2l s 003 -025 -0.07 -0.37 -012
ol E\: < 40 o0 o (0:31) (0.23) (0.29) (0.30) (0.56)
~ ~ ~0.54 -0.49 N
EL] ; ) " - (029) 0026 002 ~0.03¢
(0.24) (0.22) (0.40) (0.35) 1057) el oo 0.00 0o oo 000
e (001 (0o 1053) (0.02)
el 0.01 0.00 ~0.00 ~0.01 ~0.00 . ol %6
(0.01) (0.00) (0.01) (0.01) (0.00) g 049 0.00 044 -0.02 -023
0.86+ ° (0.32) 027) (0.30) (039 (0:63)
. 042 -0.18 ©4D) -0.12 ~0.06
°F (0.36) (0.25) Py (040) (0.32) . ;01)43)’ 005 Z104 0.00 —027
o ( 6- o]
. oss om . oor om0 (021) (0:30) (064) (043) (090)
(0.76) (0.30) (L08) (043) 0.43) . 235 100 122 157 052
e ~0.24 2,33+ -0.23 -12.37 360+ o (1L4) (L14) (146) (L61) (254)
T (1.82) (1.09) (1%) (38334 (1.33) N )
N 112 st
0l FE T 8 (0% 20 Eleleene) ETY 711 & 991 29 171
N Eefrence 9] 52 $4A 92 & relative risk ratio). $H3

f °M * < 0.10. TA (Iudepend e of Irrelevant Alternatives) H2:E(Suest—based Hausman

test) 2%k 2 AAE 2E &

24
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HAK=

2EAH

KOJJ ION

@ 3 A o @ owox o2 o

o

Fow

S|H=EA: A A3

AL 2013, “A|190] 153 AAL TV E23]: A ATR WA u]x 3 > TOUGHTOPIA |

A32A A2%.

« dlol8: EAI 2017 thAl APA/ALE ZA}

o BAng: mayl 3R,

« T8 U
- AdA A

OLS 37184

AAhe FHE A0 A2 EEYLA )

ool 2 mAE f1lo] FAJAAE AF

- FEAITVEES F
A7 9 BrrE

7))

Aok Ao, 1 %ol o
st e Ade 7

ol AAEe] Sl AL f-il Ao ThEQl 242 A Ao M= e
FTLHETE WFLE shof AARATE <BF 1>0] FHATE AR FRA
Boz d7A Ad FEoME E5Ad vicﬂﬂl 2A= Exd=To] A
g HAFE iulﬁ' soltHd=]aA] @od 1. <EF DelM Fd 5HESF
B AAFE TV EEs2olrh o] B 94 ﬁﬂltﬂﬂiﬁ 47 el T2
e E"é‘?‘!lﬂ 27TV B82S 7HE Zdivka gek S97el diefA
19] g Fedstiith <E¥ 2E <2F 0] 98E, S AAFR TV
EEFHE THETE 39 o]fd TVEE 440 dig B7h 2Ae
Fa7e] ¥ ol met

Fpo) e 71 Ax0) 9B 2urad s,
E¥ DA 7HE FEAE SYAFE AAFR) G ZPE}
ol sk pste] 53] felsher B @% ol e8] Fu) e 3
% 17 244 ThE FRE
+E BERE T fﬁﬁlz =5 25k Arks
P <

FH

£ 0ol 948 9 Sl $E8 4ol 70
ANEERPATOE SERTE sfod A AR ERo] dhef 71 2
Sl ZREF A0 gt 27} e o) T d%e 22
o ARl BB STh R0 o] T Bobae] 2 L 2
=29 (probit), B4 2& LA AEOLS) B9 2APEE ol 8sie

Ao 2713 BRLAE FARYTHD

71E

KOJJIIN

g o3 A4 # 3 = x o= @

AL, 2013, “AI19H EH A} TV EZ3]: A5 H WA u]x &7 . TOUGHTOPIA ,

A|3248 A23.

. 5yl By Avk:

- AAFR A FE

- ol @A

oA ZHck BolshA %

Zhagiey,

o AAEe] 4ol A ekt WS ol 88 AT AR
H
5

st570] JFS njA = QA
ZAL T Qe (A THIFTVEER
1ATEE @R g

- EEUS SEA AAFTHE W o

- Fa=gus

Sz “TVE

R

(& 100 AAFRAF, AAFE TVEE 52,

chagl 34

AAFE Frpaste] g

281 282 28 3
sau i g RIRIES Tyt
2Ny probit probit oLs

S i S = 4 =
o4 0.007 0.144 0.097 -0.110 0.060
A%: 19~294 o3t ) 0.133 0.072 0,136 0.148 0.085
A% 604l o) 0.400%* 0.148 -0.045 0.154 0,209* 0.006
BRLE -0,062 0,054 0,064 0,055 0,014 0.034
THAS 0,001 0.047 -0.060 0.049 0.056 0.030
T ASA4 -0.006 0.080 0.057 0.079 0.083 0.050
A A 20} 22| gz 0,097 0.107 g 0,063
AAFE 2|4 AF 0.181 0.162 -0.200 0.103
#0949 A7 0.253
| Az vEES 0205 |
,_l"(f; ;‘L";zi\:' ; -0.403 0.379
2AXFHo| thek IRE | -0, 107*** 0,029 0.008%** 0,030 —0,080%** 0.018
A F-rele] o]y e 0.024 0,061 0,038 0.006 0,018
Cin 1.784%** 0.479 ~1.981%** 0.415 2.835%** 0.254
AR 930 940 913
1 * p<0.05, ** p<0.01, *** p<0.001
£ 20179 EAI tjiisfd AL
26
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KOSSDAH[O|Ef HI0{ MHAt= 2| OfsHet &

KOJJ ION

@ 3 A o @ owox o2 o

A2%.

« glo]g: EAI 2012 At A alid 2 A
o BA4 23 Pooled OLS, Fixed Effect, Random Effect

- olgHeE Y, BYH e
Fxo] ol Bt 594U AAL

S CRUEE

- FR st ge =R da) ojE olde Y3
=
L= 3re)

Error Component Model (£-5] FE): 9j|A]1

A4, 2017, “A8H tFF A7ACA ol'del ¥ Hd dHeold 24 23" DA+ #1234

ogt e 1] o] APof A= that el giojg AL st
7202 201249 49 F(AD, 119 THEAY, 281 129 (72Dl =

ARl Al 21)2] sid glo]El(3-wave panel data)S ©]-g3}e] o' TR ¥k

& BHgih of Al Al mid dolel= A GEE A Ale Te B
ofjer A9 BE 84 ¥S5g Tag Ut 2k SuAse] ofd 4
ol 1,3, 5, 73 WolA TAFEIZ] uho] 23} W TAlo] EEHEIA] Q%
ke A#lH, ol 17 (Y W) 24 = AT 4 Y Holt 9
et 13139 Wt 27 MU FSS 1 24 A717) oF 25900] Aolrt
Ul grod, w3} 270] 717 B9F ukArEe] o Aol A w7
2 Wz gl uhgolcks ols} cio], £49] JUAL 8 Moz 53
(19 ek 73 W28 skelA 2AE F A WY dolg2-wave
panel data}& ol@s}a] ol F3io] ek B4Rt of T A3 Wy Hlole
BAS oge 47 opur A 3 2ol o Bl API(11Y 2 - 128 SIS
quton gicis HWolH e Bl 2o 1 e gEoR of A
of digt B4 QHs Fusl FR 5% YAWIH B AHT F 28 Fusl
spzale 240l 8 % o YEsgtk: AolA 9ol Al Az WY o)
B #4s FREch b of A7lo] digk B4 ol Faio] tjgt 240
A4S Fol= AYolA olnp7} gt

27

KOJJIIN

B = A48 %R o2 oA

)

125

57

- 711 T6-0] 24 BASAL, 3719] time
j 73} ZADol et rehts
s7w)e]

A4, 2017. “A18H HFF A7 oo ¥ =Hd Heold 24 23" DA A+ A234

o] AoME EEAY wid dold £4, & &% 39 EH(pooled
regression), 1174 A¥fixed effects) 4], 18]31 ¥%5 E¥Hrandom effects)

w42 50 old T FFZ FAFHWooldridge 2010; H/A 2016).

o]
FoA 71 Fa7t A 17 7} BAolrk 17 FIl B4 oA dgdt
I dlojee] 54L F-5s] EEoto] Eot T B4 A%E A
N §E8AE9 & 1A4H E4E(fixed individual heterogeniety), 53]
ZH(observed) 5ASETE ofyel BEEA] gR{unobserved) S/4E714 B4
T TL Hiet A 0] RS BT R U oR9 7IsE
=LA Fola 1o wet Bop A S Qs E9E AlAlske Aol
wE mnt 24 g 39 B Hake 13 a8 Adet v ad o
iAoz Algido] Wojdtal & 4= qlk. AA o=, WE & 24
T 99 BHe dE 299 BE AW ¥ EE ARl A4 943
(exogenous)oleh= 7Hge] 7|Z5kaL 9low, o] 7Ho] AHsHA ghe Af ¢
Hog 1 B4 ZATE A1Fshr] oot 12y oA viiy- A 7o
2, AN ClE 2o e Ay 5T gloka S 2] A (1)lA 7t
EA5HA] ghetial 7dske Zlolrh wehA g o] 7hago] AJsiRithd 2ol
g dlojgje] RS B5H4] YIAE, F Yo dojge] EMvte R g
THvalid) B4 27& 22 5= AUrto

I

e

r_?l'.

28
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MARIE SEAL

KOJJ ION

@ 3 A o @ owox o2 o

4. 2017. “A18d s
125

=

o VA QY 250 A

- A 29 2 AJAAA 5HEE
S He} o] to|7} 3 & 717k
A4= vt TR et s e}
0.084 =7}

- U By 3 QI AIA BrE]
TR TS B ol g 7iA 1L
Qi T FETE R 2
£ dhg] SR i a7t

<]
(e}
N
i)
olN
N
N

« AR 1Y QA5 &4
FAISEL, Algtol| whE
(within—group variation) 72 A}

SEEE

ok

flo

’

g A7 o] ¥ W Hloly 24 23" O A+0 #1233

| B 4] %28 35 S0 ot S 21 EY, 0¥ 4, US S0t 24 A (& 6&L, 7&t ZA HI0IE)

oY 28 gy 23
S = 24 1y a1t WS 8 S S 24 1y &t s 2t
(pooled regression)  (fixed effect) (random effect)  (pooled regression) (fixed effect) (random effect)
T -0.95** -0.77** -0.85** -0.98** -0.76** -0.85**
(0.09) (0.06) (0.06) (0.09) (0.06) (0.06)
- -0.61** -0.32%* -0.41* -0.55%* -0.31% -0.42%
7 EA ©.09 0.06) 0.06) ©.09) 0.06) 0.06)
oixssy -3.00** -0.46** -2.14* -2.99% -0.46%* =211
0.10) 0.20) 0.11) 0.10) 0.14) 0.11)
e By -3.55%* -0.32 =2.24* -3.68** -0.31 -2.22%
0.15) 0.17) 0.14) (0.15) ©0.17) (0.14)
oo -2.68** -0.62** -1.91* —2.44% -0.61% -1.83%
e 0.10) (0.13) 0.10) (0.10) (0.13) (0.10)
ol ol -0.28** -0.08** -0.18** -0.07* -0.02%* -0.04*
0.02) 0.02) 0.01) (0.005) (0.005) (0.004)
Lol 0.02** 0.03** 0.02** 0.03**
(0.003) (0.004) (0.003) (0.004)
—o -0.55** -0.60%* -0.57% -0.61%
g
(0.09) 0.12) (0.09) 0.12)
X § 7IEH
SH| g
N 4,078 4,235 4,078 4,078 4,235 4,078
F) BERXI= Z3 Qo LERICH, R9TE * p(0.05, ** p{0.01.
29

KOJJIIN

B = A48 %R o2 oA

Error Component Model (£5] FE): 9| A]2

A, 2016, " = AACNA FA Fx] I Al18H] e AA Hd dHeole 24 dah” 7t

2AASS R, A0 A23.

+ tlolE: EAL 2012 FA1 oA o d AL

o BA 135 Pooled OLS, Fixed Effect, Random Effect

LR

- 3Rt Be sRAke e nAE AAEE A6
=5

- AAHOE FYA YR BHE oo
REEEE TR EX R
=4

AB7HA dEE WrE T FE A9, 8 sew Ul 7P A Y, J83 A7 AAE B2F

49 B 2AHT 128 DA 2AD ZAHE A AHgSloY, ofd Agke o9t g 39 2l
A 229} 129 E(73 2Ah ZAF AHAE ARSI oA FAAES ofd Aol 49 223k
ZAD ZAel EFER] 9gky] wholck. et 1xke} 23 AR oF & & AR Aolg T Fg
H71 Wil o] 71z Ft ofd Aol A WIS 7FeAe HE {IE Aolth FAAEY Yol
B FE, A AY T YA U5 241 7R 5 WEkA g WgEelEE BT IXjeid
St 2AERer O AAe AN

o] AFeAE 5 3]7] EX(pooled regression), 14 FiK(fixed effects) ¥4, 121 WF &

_t._l‘

(random effects) ¥4} 5 EFHQ dd vlo[8] £4 RYSS H83to] A FHO] IFE #HE

H: AtF oz g dolele oy 7k Wog EAE & glth o, F& wge] o]d A
#Z gh(lagged dependent variable) AW WE F88 FE glu, 54 A9 W5 A A7) 9
old A719] 5 e BT #83¥ S 9on, =7 ¥ (instrumental variable)E o]-§3te] ¥4 9]
AU =Y = Yok 2Ed FASERe], W vlolele] BEAA ¥4 BPL FF 37 ¥4
(pooled regression), 114 FIKfixed effects) ¥4}, 12|31 WF &3} (random effects) £4{o]c}.5
o] FoME 7FE Fog Ae 2 & ¥, 23E 1 A3 ¥Ho| i dolge] FHE

Hog ggsroen Ho s ¥ AAe AFEy] wrold

30
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KOSSDAH[O|Ef HI0{ MHAt= 2| OfsHet &

KOJJ ION

@ 3 A o @ owox o2 o

A4 4. 2016. 7
A H, A504 A2S.

« DRV RO 4

= AANA BA FHO FF: A18d HE

F A7 did dlole £4 23" et

|E 7| 435 29t 210l 5 S2& RH0|2| S8i5|HEM(pooled OLS), 1% Siifixed effects),
H=F W random effect) 24 Za}

35 i Y2 EAe 28 $2C Ao

= ; 1= sot 27l 24 I5EH 2 55 24

- AN A el Az Frishe xSt (Pocled OLS) (Fxed Effoct {Random Effect)
Ste A2 RO Sk FAHCR Foju|et o] it - 110 075 100
— = — . = 0.12) {0.10) ©.10)
« HEaT Ry 9] ofjA: — 453" 118 4,08
- AN B2 AT A ol Hisl 5 A 0= Hrts) f’ﬁn gi’ ':;ﬂ,
= A&7t F7kehH dhd] SR Stk o) A (+)e] 7S e ¥ 039 47) 036
lE= —— 561" 085" 450
TAET 0O fol=o] xS EAET Al7F N 02 05 ©29
e TAGI P2 7Y LTE‘—J 45 A 0]’—1—, | I_Oﬂ w} 7 B2 5 276" 057" 244
2 W& (within—group variation)7H-& AHE-SH 574 seus om 620 en

— = o o } ! ’
- HEam By /s WHo] Hek(within—group ! 05 009 oy
. . . . 7He HH 0.14 -0.01 o
variation) ¥ 7H1ZF H & (between—group variation)& & s 00 o o
= AFESE =4 21 2 025 012 020"
B o MUy H} (0.09) 0.11) ©.09)
o oo 59 =7 28 034 o 35
23y 7t (0.08) {0.10) (0,08
=3 27 076 014 o6z
Fal L 0.08) .10 0.08)
00 00
Hol 001 ©01)
. 048 056™
T (AT o4 ©14) 017
AN g B WS ..
N 2713 2814 2713
%) B2 B2 e Hson FARE * p<0l, T+ p<005, T p00l,
31
B2 M 0 BT XK o2 o9

Lagged Dependent Variable Model: ¢j|A]1

A4, 2015, “BAA o} AAl0] 38}, Pk WM, 121 ¥R 2012
g glojg 247 ORlEFole} A0 A154 33,

% AA

e g|o

—L

]

E

—_—1

t EAL 2012 A A3 E AL

FAROR, of AT Aut 20129 49 ol 129 W Apolo] ot

. B4 29 lagged DV model Ei SAREe) AN A gEst QAo Wl 24g BT +4
o ZQ 8 doll A3 vhehks 47149l A4 =T ol wske FadhA|
- 2012 1B AAS 7|Ho2 & T UEE A Al7Ieh 2ol fEAEEe) AAY digt el &
AAE 2 2 Ao Trut Aol AAX|FJE Alel ehte woldel wal Eu Fasitie A G ®
HgEo 2 2pAIe] AR A B S 78t a of ags sy dolels olgatel olelst A swel Qo]
- T4 golg o] 2 EALS o] sk xska ool S ulAl: 89152 BAY ol 4
— O)JH AA(-1)2] AR A Lt o] AR smst Aol Azie] uke wisk % olol] Y nlAE A
T AH®Y F2A "o Uity o 2y g dojEs olgeid gmas dea) ojoeix)z) of
SF= "A=AE AT Ak o) el BT SuREe) AAH st 14 2 ol

S Tl 40| Ak AolE T ofzl alel A w3
=lojof 57] wjolr}s

32
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MARIE SEAL

KOJJ ION

R 2 B

A4, 2015, “BA4 Wzt A9 FI3}, Fubd B, Teln WFF
oo} Q1A A159 33.

g Hlojg £4.7

mlE=

o Q7] Bajol lFo] & W, TEAL FH AL 2012:

BAAAE, =+ 6N AAE, | +6,32A,_,

9]: 2012 54 XA 1f

W b $0% PUES 23 Ak Y 228 AL o dolet o v i
S8 SUAES] 3AA o} Asjo] Algto] Aol wfet oA THITE T RSN TR e

WORSIE AT A T SIE R S A A T o) el 34 940 303 dsie A7) ol 339 38489
AMOR, SEAEe] ofd 4% FRBC) Hiet 2o FRO oY 4o gool clgoz  SzEer SHel T tot BoE. FH
8 R 5 A0 A, T 25 1 of olyiz Aol et Ql4l, 23 F7h AAek 7K ARl et
Aol th:ﬂ' %7]‘9} ’ﬂ"g' Fol ‘ﬂ’_,zj,,i 1’\51‘311‘% oA Zéj] -\1‘17}9} Z‘]‘:"}P =0 EE'&E]‘ é““ \:ﬂ“-‘: % @j];-{:‘ F—HE{-]‘-:— 0]14
A dieh el skl R MEE LT S sl v S S e

= 7)< il ARreES Sh= Au g, =
i@'a A9 Hehhoes weorond ARES SHAS AN O = o] 284 A9AA, old A%, Jel sNs ALE Aol 7]
Ast SEHARES AAA Himet qlAle] Algte] Ao wet o] EA
- - B} s SHAEY el us 5 &5 283 24 A9 F
WS EAE FAskal ofzg Wstel] ol&e] e 2|4, old Ak I
- - _ _ SEi] 1L (s} ? Eé
ERECESENE L SR G B e a9 i o S wosel vistg Udle) A
o o pi jul O 1 LT [}
HEER dYshe B2 SAEY EFolch. §, o] 23 % & P-}
¢ A7) Apololl A BAA HEet QAle] Mok r1o] A=
o A7), o], 2|1 ofgt Ay HelSRE Aisith o 44011*1 BO—
33
KOJI 3/\
s 2 A 3 B % X =2
“ =] — =] . —
2144, 2015. “A=A EHE_Q]— Q1A 9] gk=a} FubA W, 181 wFFo: 20129 5 AA 1
” =
| fﬂolEi 4.7 OuF399 1A Al154 335,
(& 3) 27t Zujet 7Py Mol st EWotet MY (20124 48 2 -128 )
=27t ZH (128 L) TR AR (128 Y)
H 2] Aqle Yy wt gt ot
® T E-‘q—' AL 192 (024)" 131 (020" 172.(0.21)" 147 (017"
_ Q] xlA o] Az A 7 Q] x]A o Y (48) 0.38 (0.03)" 0.35 (0.03)"
= =
4 = 17d.2] 4214 ﬂ(j F 124 A1 9] Wy 038 (009" 040 (0.0
A2 A o] IS n|F ot TWe2lg A | 026 (008 | 0283007 | 020000 | 021 (0.06)
- QRS XIX| | -0.06 (0.08) 0.01 (0.07 | -0.09 (0.07) 0.1 (0.06)"
— ol Az A 2]
%a] 7 ]'Z]j— AA lj. éx] = EH-I—:'—7 ]' 12—'( Oﬂ et B -0.10(0.09 | -0.04(0.09 | -013(0.08" | -0.01 (0.07)
]:—] __0,1_ 7(,;|—§:1-Q (}Di ]jl- sExtold | 001000 | 000000 | 001000 | 001 001
Lol 0.00 (0.00 0.00 (0.00) 0.00 (0.00) 0.00 (0.00)
2% (Ch7 014 | -0.16 (0.06) | -0.04(0.05) | -0.11(0.05)° 0.01 (0.04)
A 0.00 (0.01) 0.00 (0.01) 0.03 (0.00" | 0.03 (0.00"
oy 0.22(0.06)" | 0.01(0.08) | -0.02 (0.06) 0.09 (0.05)"
SNS 08 -0.03(0.09 | -0.01 (0.0 0.00 (0.02) 0.00 (0.01)
/77| 0.1 (0.09) 0.03 (0.08) 0.03(0.08 | -013(0.00
hEY/EY 0.06 (0.09) 0.10 (0.07) 0.03 (0.07) 0.10 (0.08)
2754 -0.09 (0.09) 0.05 (0.07) 0.02(0.08 | -0.03 (0.06)
/s -0.01 (0.00) 0.02 (0.07) 0.01 (0.07) 0.07 (0.08)
2z -0.03 (0.08) 0.13 (007" | 0.02(0.07 0.13 (0.06)"
7IEH SH| Ha
Ad. R 0.26 0.23 0.2 0.25
N 1118 1142 1136 1151

%) P-value (wo-tailed): T (0.1, * (0.05, * € 0.01. Xt=: 'EAl SMIUMIIEZA}, 2012
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Ao}, 2019, “A4%: oldA e A0 Gupd W
B 4TS SRS,

« dlo]El: EAI 2017 thAl AFA/AFSZAL
o BX 2¥: cross—lagged variable model
© F8 U8
Fuo}o] oy 7]2)% 14
Wz =2 A=

old Ag] Q1A Fu}A
oA

olgA oz 7 2l

A, oFYH 27
L71=A1E Hl

ol

shEE

o
fru
&y
_}L
g

® AT FEUSE

4 Ad WL o8} o] e sel,

o7 AR G B P

THA Q1A 8= A

I FHEe] A oy Aeelt. -r"é"l-r}l FHg

Lagged Dependent Variable Model: ¢ X2

57.9] 5] 4] 5]

180 o g oA oldA = (S AFEFES - (@ eHh-Alre )’
Fuz Aoy oldAL = (SHA-EAN) - (gRh-vh2al)’ "
1900 thd: FrzE AdE oldA = (SHA-FEE) - (FBA-TAA)
FrA27E QA8 old A Agel dFE v IE- =dusEA ¢ 4
T, 28 F FRe O t{tl A 34=E g 2o 278 Aok
18 WA APt oy 3% - AT SRR RFEET 2
FEI AU FFE - 326 TRE-EAQ) AR e
19u) WAl FEIFAE 235 - EAQ ERE-EEE ERE e

35

KOJJIIN

ANoE 32 X o

o 2

Ao}, 2019. “A|4F: ol @A Q1o FutA HIFE” o= FARY] G HEE
o A STIS S A .
A e ge) Ao WA, [PEE-1a [PHEL-2]E ASE] §
&, “W2F-AA(cross-lagged)” A,S £438 o vgou g AR
A S PSS o) U] [RE1] el [RHE2]9 2Tk
[=31]
)E}CH ] o]ung]“ =
a ¢ BxF A EFE - ved ] old A ¢ Z6xControly + el
[=32]
:?-—311]‘ ﬁ—ﬁl‘:—h =
a + Bex Ao A o) dA Ry + vox§uA TUE, + ZExControly + ex

15) #hel 2 (Bartels 2002), 18] 3

HE 2839

AA T} olq7el izt BlE7he] FH(dynamic) A A w7
ol gk "l ab-2] A (cross-lagged)’
ub olvh 2Eel oje AHA g A 12 (Finkel 1995)2 #Fug 4 vk

EEEEE:
W Bgw uIe

: P19 B4

F}A) 9} el ¥ (Carsey and Layman 2006)0]
D

le]

Ew
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% % o2 9

AAot. 2019, “A4g: oldA = A4 o] Gt W
Eo UL HASHSI=E,

« o Al7lef ol g A o' TP 7= FEE o]F ATl
THA 471 = 0.304

« o)A Al7]o] dEshHs FRE o] A7)0k A e shs gk
0.594

o O]F Al7|of o] dAH o &2 FPHA| 7= FHRE o|F A7
A9 sH= A& 0.070

o O] Al7]o] AZoh= FHEE o] % Al7]of o] X o2 I
o]7]= AE: 0.216

- FRobo] ol dA e Q4o] FAHE AR FHo et &
st d Aoz g9

. gutdo ATshs $ro e oA or uet A of
7= Aot | A,

" g ARG g

[#4-4] o] iAo} B7we] wa &

PF219] mJA]

o 715197 e

F&HUS: WA, FHEF FUASIRE,
Coef. beta | Std. Err. Coef. beta | Std. Err.
FUAETYEpy 1501##= | 0216 | 0277 0563+« | 0594 | 0025
o d A 2] 0.302=x | 0304 | 0033 0.010%= 0070 | 0.003
o Eejul 3 8651 %= 0129 | 2985 L731%== | 0188 | 0262
AP -11.573== | -0.114 | 3737 1767w [ 0127 [ 0329
ERER 6.344% 0056 | 3642 0.591% 0038 | 0319
upEA g -5.255 -0.039 | 4064 -0.068 -0.004 [ 0361
Aol 5210 0048 | 3712 1.588+=+ [ 0105 | 0326
A dAd=1) ~3.574% -0.053 | 1681 0638+ | 0069 | 0.148
a3 -0.025 -0.010 0.073 -0.012t -0.03 0.006
WEEE 0.273 0005 | 1733 | 0180 -0022 [ 0151
HrAE -0.026 -0.002 0.366 -0.026 -0.014 0032
b/ g A -0.507 -0.005 2.531 -0.162 -0.012 0222
/7 1.754 0.015 3.015 0.098 0.006 0.263
0.897 0.008 3.022 0.395 0.025 0.268
0.993 0.009 2.819 0.134 0.009 0.248
4.623 0.026 4416 0.504 0.021 0.334
Ca 3.053 - 7.236 2.996%* - 0635
N 998 1,016
R-square 0.4083 07513
adj. R-square 0.3986 0.7473
#+x p<0.001, *+ p<0.0l, *+ p<0.05, ¥ p<0.1 (FFHA)
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Wrap—up
-7 md Hlo|H o F+2E olsfista,
L AT0] A A4, o]o] HFE ER WMot FEMST}
oE g F YEAE FoAs Sh 2

| A%} 15 TS 71 E 02 PASHE WS
g o) 24 DR} 2 95H=A2 Bets] sk Zlo
g 58
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2020. 2. 5.
KOSSDA DATA FAIR
MZ20isty AX|2usts Hi2lS

Rethinking Election Data
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HAEZA = AATofE

MHOZZAFT M HOIOIEIE OidIst R HI

A M2 SAH
M HiIOI-J == —'.' cFHl

| B

MHIO|TtE SalM AlelgidE Qi

“The public opinion polls give some indication of
the composition of parties and the nature of
political trends in the United States, but they are
no substitute for the election results.”

Harold F. Gosnell, Grass Roots Politics (1942)
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HARZ EA

AAAEZAT} PRE UAlS

HREEZd= EMEHC ZAX

People forget and people lie: bandwagon/social dsblty
MHIOTH ZX| Q= AT Ao

199114 O M 5t0| MHQL MHE 2el ZRME

HIMA=1HS, 2FH| MH, £1d/H|21= =7He] MH
S0l tiek F: EAtE, but 225 sHH
WU ABHZ QIAIO|LL IO OjZ3HOF

Yes, and boring, too.

AHRE ) 3%

K29 availability
M, EHE, UN, A|YEE, AT S (Kossba &)
MelEEo sk 22 gig
U3 ZYBRRTI HE
CreFotd MZ22 EHEHH 7ts, B0l EP 29| zlstd
E MO|E unit3t QJUCHH
A2, SHS, =37H Dyad; 12| 1 Time horizon
Cross-unit mergeE 8t Ml E2 data set 9| Tt
GISE oI5t MZZ2 H+Z1t insight
S| 21A10] OFd “real thing” AFR THs
BHofl st 214l0] Ot 2t BHMIXIE AL THs
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AR A

Fetet Mtsd &S £30[71x sttt

MZ2 A7 9N E W= 28

Boring topic means at least you are not academically ‘lonely.
Actor2} HH==0fl Tt n7I0| HL

ME|SHY @R (ecological fallacy)

EE= SFAANL J8U Atz 2=2 EHl unitof| M
Zulstd MHE HEER DEHo| T

MESHY £ 2 (ecological inference)

MHEH HHH (time-serial techniques)

2| M 2% OXIQ(regression discontinuity)

o

o i
E o
3%
_L(a!
< B
3
13
H'|
x
I
i
rlo

=
HEM 1Y HES HYAIXO) OfLiE BSS

[ -

-

me rir Hi
=)

T x

| X U MBS S FIS2E YOt KRGS
24015 QRSO EEHOIE L X} XX

FE H (split-ticket voting)= S 1} G0OtLE, &ff st=1H

mor HJ

F

Hl

W ror AT 2 > pok jr o

=
5

0|0 150 SEHE

a)

1H

OlA SIZIX} Z2]|0|S (incumbent advantage)= S 0fLt
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SUYMHEAZHE 2] Atz
SHEZIL EE2(2F 18,000); SHS(3,500); Al2
(300
SEA A2, BM, XM 1 M HT)
SHE dAM A
SHE/AIZT & oI78HE 7, XIQ) U HR|ALE
HEAL | |4
SHE 8 K|t HE K12

0

Selected “Literature”

H21S.2013.“MEf&HE F£ 2 (Ecological Inference) MA: EHEHA 012 &,
g

= =1/ T =
E2 MHAF 91729] 5|2k TSI, 21(2): 395-426.

Park,Won-ho, Michael J. Hanmer, and Daniel R. Biggers. 2014.“Ecological
Inference under Unfavorable Conditions: Straight and Split-Ticket Voting
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Choi, Jae-in, and Won-ho Park. 2012.“Conditional Pocketbook Voting and
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Kang, Woo Chang,Won-ho Park, and B. K. Song. 2018.“The Effect of
Incumbency in National and Local Elections: Evidence from South Korea.”
Electoral Studies 56: 47—60.
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The Latent Structure and Estimation

Election2

o
-]
s

Electionl

E o} O.0] =
S3A Hekgo 7
N
a1}
Ecol. . Partisan
Parameter Panel Regression King Model
M52l -2 28 (p) 95 1.05 98 96
(EEL4 (.009) (.004) (.002) (.002)
OFH* 424 (q) A5 .05 .09 12
(EE24h (.016) (.001) (.002) (.002)
N 992 3449 3449 3449
*OpHe QIFC} SHTLY SHAES B HY,
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Voter Transition in Florida, 2000

Senate Race
Rep Dem Others

Bush
Gore
Nader

0.367 0.052  0.009
0.042 0497 0.017
0.005 0.008 0.004

Ballot Images, N = 2.8 Million

Senate Race
Rep Dem Others

Bush
Gore
Nader

0376 0.041 0.011
0.031 0.502 0.021
0.007 0.009 0.004

Precinct Data, N = 2,894

Voter Transition Estimates between Presidential and
Senatorial Races, Ten Florida Counties
“Punch Card Counties”: Broward, Highland, Hillsborough, Lee, Marion,

Miami-Dade, Palmbeach, Pasco, Pinellas, Sarasota

I 54 A0 S8 gog:

1978-2000%, Ecological Estimates

10

0.9

0.8

0.7

0.6

05

04

0.3

0.2

01

7

—Overall ——Educated

Young —#—Old —e—Christian

0.0
1975

1980 1985

1990

1995 2000
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HARZ EA

N

20009 tH 2] Rt

CHEZEMH Nl
AE | giao ATE 1 giao
2002(X|16CH)(21) 017% | 025" [2002(ZEH(2)) A12F .059
2007(M| 1 7CH) (21 121 -.032% 2002(Z<123))(2)) 066" | 036"
2002(Z23H[H))(2) 079 | .05~
=3|9|&lMH 20027 I =EHAIZ) (T | 139" | -217
PN
NP
2004(X|237) (21 104° | 026" [2006(ZAZH (D)) -000" | -.119*
2004(H|AH|CHE) (2 | .121 -070 [2006(Z232]35])(21) .003 -.104
2008(X[47) (8 082" | .006™ [2006(Z-2H|3) (1) 021" .020
2008(HIZICHE) (BH) | 169" | .032" [006(TIZTHHIZH(T]) | -.044 | -.132
UE2 £S4HTHFH0[100% 453E M ZA| oiF SHO|| 0/F deks
= X5t Hol
T O - A3

Ao M ] A} F

(a) National Assembly

Prob. of winning at t+1

Prob. of winning at t+1

(b) Mayor
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TF: tips 1
fTensorFI OW tf tips. 1 - tf.strided_slice [TODO] use TensorFlow to slice tensor with strides import
S tensorflow...
JUNSIK HWANG

o 2017,Apr29 — 5minute read

| do data analytics and

modelling for a living and for S=un Ea A 2 S0l
fun —=] = = —
e e TATE QB ZAV? 7hH) A B}
jsideas.net | 20174 Ci: 012 ZTAHEEHY AlHlof ChEt B 24 OFElol ‘U0IES| R ATH'S SOH S22 e,

2017,Apr 12 — 26 minute read

74t e 5 tat 7]

£0{7t0{ 2=5E{ UdacityOll A Deep Learning 2H4 S E1 QUCH 0|2 X2 Hajz2 Yol Zop AFst
NS EAY =, SOHEL...

2017,Apr05 — 16 minute read

CONTACT ME

¥y f O in &

Scala.js test

2019 © Junsik Hwang
scala.js Test HHES F2M div#scalaTestO] EIAE T} FI}EICE Click me!
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HIolE =&

=AM Q&2 with BeautifulSoup

OIEZAMQIRIHR] ) 2o Helel SE0EXAL

FYUHAAUY

SYMHOZEAIO| RS Rzt gante
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MARIE SEAL

A0 & 7| HFELE.. =) BeautifulSoup

colspan="2">..
TEAR YEHE 82119

A8 e 82140 colspan="2">..
% ZAMSHE & ALSE 72 7|2 (B 5Y) RSB

HjE 2 A4

colspal 2">..
(/AR /DA AR OB 5) 41316 253974/
AT A4
(53}%#;"}‘";%5(:25) 25397 colspan="2 7E % B O ARIS (R)

HEZ AR L 5 0|2 A% (R) 8439
gz ARIS (1)
X = SEHAR A% (1) 988
A 82140

soE (1/(1+R)) d1Sum">82140:

BeautifulSoupl 2 £111 H&HA| HI0|HE F0EME

def meta_crawler(page_num):

amn
O{EZAtolRIRIE] — OIEXRAIZL SE3E HO|X|0|N HEXAL Y
ann

for page in range(page_num):

page = page + 1

url = “http://www.nesdc.go.kr/portal/bbs/../../&pageIndex={}".format (page)
r = requests.get(url)

data = r.text

soup = BeautifulSoup(data, “html51ib”)

bd_list = soup.find(“div”, “bd_list”) # XI&st BN AA2 ufilst= B

BeautifulSoup SA! X
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KOSSDAH[O|Ef HI0{ MHAt= 2| OfsHet &

GIOIE] A2

A9 & Al with Pandas

50071 GI2 XA} T|O|E| 2

client client_type inst method_ratio_sum methods participants period period_we_bool regDate regNo total_response_ratio vote_title

CRE

[{'method": ' = 2
A, 'ratio": ZAL2016
"15%!, ) 11
‘sample_size... 119 Uzt
=)

FZA

[{'method": '} = e
A, 'ratio’: ZAH2016
"15%', ) =REE]
'sample_size... 109 Uzt
)

7| =AM

4= 7|

~ [{method: ' ‘Ej ;jgl
(T)Eﬂ A, ratio's ! XIKIBZEAF
LRI 5 . '100%', MRt
'sample_siz... 20jE{11

H2FRt)

HZA

= g2y

ZAH2016

Hi1g2

‘sample_size... FEEY
A)

ez

[{'method": ‘% @23
', 'ratio": ZAH2016
'15%", § [SRRE-K]
‘sample_size... A AZHE
)
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HEE MA 2 6{EXAL & 2016.12 0|2 HEE

HUHAZ 2EA

import pandas as pd

## 20163 123 1Y 0|%9| HO|EEt HY|Z SiCt,
df.regDate = df.regDate.map(lambda x: pd.to_datetime(x))
df = df[df.regDate >= ‘2016-12-01"]

## IS, CHM ZE oJEXALEE SHSICEH
def isPresidential(title):
if ("oHSE" in title) | ("CHM" in title):
return True
else:
return False

df['isPresidential'] = df.vote_title.map(isPresidential)
df = df[df.isPresidential == True]

len(df) # 183

## OIEXAC] R4 Hlg =3
def wire_ratio(a_list):
k = {m['method']: m['ratio'] for m in a_list}
if '§M' in k.keys():
res = float(k['§M'].replace("s", "")) / 100
else:
res = 0
return res

df['wire_ratio'] = df.apply(lambda row: wire_ratio(row['methods']), axis=1)

# =M g S 43 3=
0

def success_to_gb_r_calc(a_list):
gb_size = np.sum([m['gb_size']l for m in a_list])
success_size = np.sum([m['success_size']l for m in a_list])
return round(success_size / gb_size, 4)

df['gb_ratio']l = df.apply(lambda row: success_to_gb_r_calc(row['methods']), axis=1)

pandas A 2A
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KOSSDAH[O|Ef HI0{ MHAt= 2| OfsHet &

HIOIE =4

EXAE Y AL with matplotlib

IOIMO A XIES 1] +l= &E matplotlib

HEZMN N 7lz(e) B import matplotlib.pyplot as plt

plt.figure(figsize=(10, 10), facecolor='white')
df.period.hist(bins=20)

plt.tick_params(axis='both', which="'major', labelsize=20)
plt.title("0{2=AF AR 7(Z2H(Y) 2=", fontsize=20)
plt.xlabel("7|ZH(¥)", fontsize=15)

plt.ylabel("0{E=Al 2", fontsize=15)

plt.show()

4
7I2H(R)

3
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regDate wire_ratio

ssr gb_ratio inapp_ratio

ZAEIAL_013 KBS Yghwa 2017-02-06 0.45 0.0090 0.5672 0.4731

190 ZAISIAL_013 KBS-Yghma 2017-08-12 0.44 0.0090 0.1823

0.40 0.6604

0.5924

105 ZARE|AL 013 KBS-2ighsA 2017-04-09
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Takeaway

— OIO|EE 1 AMZ
=710 ZXIX /AL

— BeautifulSoup:
— pandas, numpy: CIO|E| MA{2| & 7t3
— matplotlib: GIOJE| A|Z3}
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